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Quantitative comparison

Qualitative comparison (ERP2Perspective)

Asymmetric-scale SR within in-scale (top) and out-of-scale (bottom)

Homography transformation

Model complexity (x2 SR with 256x256 input)

Conclusion
LTEW-based neural function : Fourier basis + MLP
èArbitrary transformation with high-frequency details
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Image warping

Given an image !./: 6 ⟼ ℝ0 , and a differentiable and invertible coordinate transformation 2: 6 ⟼ 9
we aim to represent a warped image !!"#$: 9 ⟼ ℝ0
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Frequency

Local implicit representation function Local texture estimator

However, LTE fails to represent warped images since !! is a frequency response of an input image, instead of of a warped image.

Learning Fourier information with 
coordinate transformations 

1. Local grid relationship

2. Frequency response of a warped image

3. Redefine the LTE (LTE Warp)

Shape-dependent phase estimation

Phase

Fourier space visualization

Image warping

Image warping aims to reshape images defined on 
rectangular grids into arbitrary shapes 

Motivation 1 – interpolation-based approach

Limited generalization into a large-scale  
representation (out of training range)

Motivation 2 – INR-based approach

Local texture estimator for image warping

+ Good generalization

- Spectral bias

+ Overcome spectral bias

- Spatial-invariant function

Fourier space is transformed by the Jacobian matrix


